
   

BACKGROUND 
Cash relief is gaining increasing attention in the humanitarian sector as an effective evidence-based 
intervention to enable populations affected by a crisis to meet a wide range of outcomes. However, cash 
assistance as currently implemented can take a long time to reach the people in need in an emergency, 
and is characterized by manual inefficient practices which limit the scale of interventions. These challenges 
result in high operating costs to deliver cash assistance, and significant gaps between when aid is needed 
and when it is delivered. The IRC’s analysis of the Pakistan Emergency Food Security Assistance program 
(PEFSA), one of the largest programs in Pakistan using cash transfers, found that it took on average 36 
days to deliver assistance to people in need.  

To address this need, the IRC initiated a research and development (R&D) effort to test and iterate 
innovative solutions to reducing the time to delivery and improving the cost efficiency of emergency cash 
transfer programs in Pakistan. We started by identifying the most significant time and cost drivers in cash 
program implementation – namely identifying and collecting necessary information on households to 
receive the transfers, scheduling and disbursing payments, and paper-based processes and data 
management processes, including data collection, and control and approval procedures. To address these 
challenges we tested out a series of hypotheses over the course of four pilot cash transfer programs in 
Sindh Province of Pakistan, and tweaked program design after each pilot to optimize delivery. We 
evaluated all innovations in the programming approach against several key metrics, including time to 
delivery, cost efficiency, user satisfaction and targeting accuracy. The result of these efforts is a new 
operating model for delivering cash assistance for emergency affected households in Pakistan.  

Pilots 1, 2 and 3 took place in stable, non-emergency contexts.1 The first two pilots sought to reduce the 
time required to identify disaster-affected households in order to provide assistance, and compared the 
performance of a community-based approach to an approach drawing household-level data from a national 
socio-economic registry database of the Benazir Income support Program (BISP). Results showed that pre-
positioning beneficiary information from the Pakistan government’s national socio-economic registry for 
identification and selection of eligible households substantially reduced the time and costs of delivery. Pilot 
3 then combined this innovative targeting approach with an end-to-end technology platform to manage the 
workflow and data required to implement the program, and to establish an audit trail of decisions and 
approvals from the beginning of the program to disbursements. This model enabled us to cut in half the 
time to delivery of cash relief, significantly improve the cost-efficiency, and reduce by two-thirds the 
opportunity cost of lost wages to the community due to participation in the program. 

This report describes the results of Pilot 4 of the new cash delivery operating model – testing the speed, 
cost efficiency and accuracy of the model in an emergency context to deliver cash to 1200 households. The 
IRC used this approach, with some modification for additional efficiency gains, to respond to a drought 
emergency in the remote Tharparkar district in Sindh Province of Pakistan. The intended beneficiary 
population for this response was the most food insecure households. To our knowledge, data from the 
national socio-economic registry has not previously been used to target food insecure households in 
response to a drought emergency. This report analyzes the accuracy of the BISP-based targeting for 
identifying those people most food insecure in a drought emergency, and an innovative approach to 
disbursing payments in order to minimize the costs and time to delivery without sacrificing on recipient 
satisfaction with the model. 

                                                        
1 The details of the first three pilots are available online at this link. 
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WHAT WE TESTED 
Our emergency response included most of the features of the model tested in the previous pilots, including: 
(i) a new targeting approach using social protection data and community input; (ii) digital data collection, 
and (iii) digital payments - mobile money transfers through Telenor, the IRC’s telecommunications partner 
in Pakistan. In addition to this, we introduced a staggered payments approach to minimize the time lag 
between when beneficiary data verification and/or collection happened and when they received their 
payment.   
 
Pilot 4 was initially planned to be tested during a flood emergency in Sindh, which occur on a near-annual 
basis. However, the anticipated flood did not occur in 2016, and the IRC instead opted to test the operating 
model in an ongoing drought emergency context. The downside to this approach was that the data platform 
was already pre-positioned in the districts expecting the flood crisis, and there was not sufficient time in the 
emergency response program to train-up staff in the new district to administer the data platform.   
 
Table 1: Design Features of the Cash R&D Pilots   
  Pilot 1 Pilot 2 Pilot 3 Pilot 4 

Targeting Approach 

Community Based 
Targeting 

Use of pre-
existing 

beneficiary 
information 

Use of pre-existing 
beneficiary 

information + 
community input 

Use of pre-existing 
beneficiary information 

+ community input 

Digital Data Collection No No Yes Yes 

Technology Platform No No Yes No 

Cash Delivery Mechanism Mobile Money Mobile Money Mobile Money Mobile Money 

Staggered Approach No No No Yes 
 
The IRC worked with an implementation partner, Sukaar foundation, to deliver cash relief in the Tharparkar 
district. This emergency response effort targeted 1,200 households in 22 villages in two drought effected 
Union Councils (UC). Three IRC staff members were embedded within Sukaar foundation to provide 
support and guidance, but all implementation activities were carried out by Sukaar. Similar to the first three 
pilots, we measured our performance using the following metrics: (i) time to delivery; (ii) cost-efficiency; (iii) 
user-experience, and (iii) targeting accuracy. For three out of the four measures (time to delivery, cost-
efficiency and user-experience), we compare our performance to our previous pilots. For targeting 
accuracy, given that we are targeting a food insecure population, we established a gold standard through 
door-to-door household level data collection using food security indicators. We then compare our 
performance against this gold standard.  
 
Building on the learning from the first three pilots, in Pilot 4, we specifically tested the applicability of our 
targeting approach (use of social protection data + community input) in a drought emergency. We further 
measured any efficiency gains in time to delivery of cash assistance by introducing a staggered payments 
approach. 

Targeting Approach 

Through the first three pilots, the IRC determined that using existing data from the national socio-economic 
registry to identify and select people vulnerable to a crisis is an effective and efficient way to target people 
for humanitarian assistance. In this pilot, we set out to replicate these findings in a live emergency context 
and deliver emergency assistance to people.  

However, IRC’s previous experience indicated that data from the national socio-economic registry alone 
was insufficient to select the most vulnerable households. In order to best find the right people we needed 
to validate the data in the national socio-economic registry at the community level. This is primarily 
because the data in the registry is dated – it was collected between 2010 and 2011 – and doesn’t account 
for changes in UC composition since that time. Amongst other changes, this means that things such as 
migration (in and out of the UC), changing family structures, etc., are unaccounted for. Furthermore, the 
database does not contain any unique identifying information for households in which no household 
member possesses a computerized national identity card. This means that these households are excluded 
when attempting to identify unique households in the database. Given these limitations, the IRC adopted a 
hybrid targeting approach composed of the following steps: 

 



(i) The IRC formulates an initial list of beneficiaries using the government’s socio-economic registry 
based on a pre-determined poverty score cut-off. The IRC used the same cut-off used by the 
government, 16.17 

(ii) The IRC verifies this list of beneficiaries by visiting the communities and confirming that the 
identified beneficiaries are indeed present in the community and enrolled in the social 
protection program. If there are additional BISP beneficiaries residing in the community that 
are not on the initial list prepared by the IRC, these households are added on to the list 

(iii) Identification of additional beneficiaries who are vulnerable but may not have been included in the 
government registry for that village through community input. When the IRC visited the 
communities for step 2, they created Village Committees (VC) in each of the villages. These 
VCs were selected by the village residents and were assigned the task of identifying any 
additional vulnerable households that for whatever reason did not get selected for the 
government social protection program. The VCs were asked to select the poorest of the poor 
households that were affected by the drought. VCs could include additional vulnerability 
criteria based on conversations within the VC or with the wider community. Examples of other 
criteria included: (i) Female-headed households; (ii) Disabled family members in the 
households; (iii) No regular source of income, etc. Once selection of all beneficiaries through 
the government database was complete, Sukaar went back to these villages to gather 
information on the additional beneficiaries selected. 

For the drought response cash relief program, 900 households were selected from the government 
database and 300 households through community input. These numbers were pre-determined and aligned 
with our expectation on how many social protection beneficiaries were present in our target villages.  

Cash Delivery- A Staggered Approach 

Earlier pilots demonstrated that the IRC’s new operating model for cash delivery allowed us to cut by half 
the time to delivery of cash relief. However, this only reduced the time to delivery from 35 to 19 days, and 
further reductions in this time to delivery are necessary in order to realize IRC’s commitment to delivering 
cash relief within 72 hours after an emergency. In previous iterations of this model, the IRC completed each 
individual step of implementation in its entirety before moving on to the next step. For example, beneficiary 
identification was completed in all villages and only after that step was complete, the IRC began its internal 
process of payment approval. In this current round of work, the IRC opted to initiate the different steps of 
the cash disbursement process on a rolling basis across the different geographies targeted, resulting in 
staggered payments to beneficiaries. Once we selected and verified a reasonable number of households, 
in this case approximately 300, through the government registry, we sent the list of beneficiaries to Telenor 
for payment processing. In this way, there was a shorter time period between household selection and 
cash delivery for any given household. The first three payments corresponded to individuals selected 
through the government registry, and the last payment was for individuals selected through community 
input. 

On the one hand, we hypothesized that this approach should significantly reduce the time to delivery for 
some percent of the beneficiary population without delaying the payments to others, but on the other hand, 
we expect that it would increase the administrative burden of service delivery on the implementing agency 
and possibly reduce cost-efficiency. Regardless, this approach potentially offers a viable response model in 
the event of a rapid onset crisis, whereby an initial set of individuals affected by the crisis can be identified 
& assisted quite rapidly using the government database and a minimal level of community verification, 
followed by a more thorough but time consuming second stage of beneficiary targeting with community 
inputs to minimize exclusion errors.    

MEASUREMENT 
The primary process indicators of interest for this research were speed (time to delivery), cost, user 
experience, and targeting accuracy. The first three indicators are also presented in comparison to IRC’s 
performance in delivering cash assistance in the first three pilots.  

Speed of Delivery: Time to delivery from a pre-defined starting and end point for the program. The IRC 
defined the starting point as the day the IRC, in collaboration with the district authorities, decided where the 
project would be delivered. The end point was defined as the day the first recipient cashes out their transfer 
amount. Since the IRC adopted a staggered delivery approach for this response, we also present a more 
detailed breakdown per cohort of beneficiaries served  

 



Cost-Efficiency: Cost-transfer ratio, the ratio of all non-transfer costs to the total value of the money 
transferred, and non-transfer cost per household, the cost of reaching one household with transfers. As a 
part of cost-efficiency, the IRC also captured the monetary value of community time involved in each 
approach.   

Targeting Accuracy: The extent to which our approach (using BISP data + community input) selected 
households who were most vulnerable or affected by the crisis. Because this is a drought and food security 
emergency context, targeting accuracy is measured as the extent to which those households identified by 
our approach represent the most food insecure in the targeted areas. In order to do this, we first 
established a gold standard measure with which we could compare our performance. Given the focus on 
food insecurity, we used three different food security indicators as our gold standard: (i) food consumption 
score; (ii) reduced coping strategies index, and (iii) household hunger scale. We conducted a census style 
door to door household level survey in 7 villages to determine their level of food insecurity using these food 
security indicators. Using pre-established cut-off scores for each food security indicator, we determined 
whether a household was food insecure, borderline food insecure or food secure. We then determined how 
many program participants (and non-participants) fell in each category to evaluate our targeting accuracy.  

We were also interested in determining the performance of an approach that the IRC has used in the past 
that utilizes door to door data collection and more traditional vulnerability criteria, such as: (i) female 
headed households; (ii) income earner to dependents ratio; (iii) per capita income; (iv) number of disabled 
household members, etc. In order to do this, we collected this additional data during the census style 
household survey. Similar to the comparison above, we also determined how many of the program 
participants that would be selected by this approach fell in each food security category. These questions 
are more aligned with the traditional way in which the IRC identifies and targets beneficiaries. We use this 
data to present the performance of IRC’s generic targeting approach in addition to the BISP data-based 
targeting approach. 

User experience: Community satisfaction (including recipients and non-recipients) with each step of the 
process including creation of village committee, selection of clients, and the complaint response 
mechanism. We also asked questions about the appropriateness of cash relief to address beneficiary 
needs. For recipients, we also captured satisfaction with the payment process.  

RESULTS 
Speed of Delivery 
Given the staggered approach to implementation, we present several figures that demonstrate our time to 
delivery. Several steps were completed prior to program implementation. These included: identifying and 
establishing an agreement with an implementation partner, requesting data from BISP, and securing 
permission from the district authorities to deliver a program in the area. Our time to delivery in terms of the 
first beneficiary cashing out is 10 days. However, since the IRC adopted a staggered approach, it is also 
important to see when the first beneficiary from each of the subsequent cohorts (2-4) cashed out. For each 
cohort, we present below in Table 2, the time to delivery to when the first beneficiary cashed out and when 
95% of all beneficiaries had cashed out for that round. 

Table 2: Time to delivery per cohort of beneficiaries 
  Number of days   

  
Time to Delivery: First 
person cashes out 

95% of beneficiaries 
cash out 

Number of 
beneficiaries 

Distribution: Round 1 10 12 326 
Distribution: Round 2 14 16 200 
Distribution: Round 3 21 24 374 

Distribution: Round 4 24 27 300 

The first beneficiary from the third cohort cashing out signifies the end of one targeting approach (using 
pre-positioned data to identify beneficiaries), while the fourth cohort signifies the end of all distribution 
activities. The time to delivery for the third cohort is 21 days. The time to delivery for the fourth cohort is 24 
days. See Figure 1 below for a graphical representation of the time taken per activity for each cohort.  In 
the detailed breakdown of the time to delivery, we see that with each additional round of distribution it takes 
us longer to identify beneficiaries, even though the number of beneficiaries does not necessarily increase. 
This could be the result of the staggered approach (while holding staff numbers constant) whereby staff are 
focusing on multiple different steps at the same time, for example: beneficiary identification for cohort 2 and 
payment processing for cohort 1, in parallel. Another contributing factor could be the administrative fatigue 



associated with smaller, but more frequent (every 3-5 days), requests for approval of beneficiary & 
payment lists directed at the management level. 

Figure 1: Time to Delivery – A Staggered Approach 

 

*The first arrow indicates the day the first person cashes out from that round of disbursements. The second 
arrow indicates when 95% of individuals have cashed out from that round of disbursements. 

As displayed in the figure above, two of the steps currently included in the time to delivery figure can be 
effectively pre-positioned, though given the delay in receiving data from the government, we were unable to 
do so. These steps took us a total of 3 days to complete. We can expect that future programs using this 
model can shave off three additional days from the time to delivery with effective pre-positioning of 
information. In relation to previous pilots, we find that we are able to significantly improve the time to 
delivery for some percent of the population, but not for the full beneficiary population. We present this 
comparison in Table 3 below. 

Table 3: Time to delivery per cash R&D pilot   
 

  Pilot 1 Pilot 2 Pilot 3 Pilot 4, Cohort 1 Pilot 4, All Cohorts 

Targeting 
Approach 

Community 
Based 

Targeting 

Use of pre-
existing 

beneficiary 
information 

Use of pre-existing 
beneficiary 

information + 
community input 

Use of pre-existing 
beneficiary 

information + 
community input 

Use of pre-existing 
beneficiary 

information + 
community input 

Number of 
beneficiaries 150 150 900 326 1200 

Time to 
Delivery 35 16* 19 10 24 

*This figure assumes pre-positioning of data 
 
Cost Efficiency  
The cost efficiency figures are calculated using the actual spending data from September-December 2016, 
which roughly corresponds to the duration of the drought response work in Tharparkar. We find that the 
cost-transfer ratio for our fourth pilot is 1.13 for a sample size of 1200 households. The non-transfer cost 
per household is $91.53. These figures are greater than the cost transfer ratio (0.63) and the non-transfer 
cost per household ($43.38) for the third pilot, if we exclude the technology start-up costs from Pilot 3.2 Pilot 
4 took 17.3 weeks to complete as compared to Pilot 3 which only required 5.3 weeks. The major factor 
driving this difference in cost per household is the time taken to implement Pilot 4, which was required as a 

                                                        
2 The two pilots use slightly different data sources to generate the cost-efficiency figures- the third pilot uses a combination of budget and 
actual spending data, whereas the fourth pilot only utilizes the actual spending data. 



result of delays in receiving BISP data from the government as well as the process of identifying, 
contracting and training a new implementing partner. Although the increased scale of Pilot 4 may reduce 
the non-transfer cost ratio, this extra time resulted in additional non-transfer costs such as staff time.  
 
Table 4: Cost-efficiency per cash R&D pilot   
 

  Pilot 1 Pilot 2 Pilot 3, excluding 
start-up costs 

Pilot 3, including 
start-up costs 

Pilot 4 

Targeting 
Approach 

Community 
Based Targeting 

Use of pre-
existing 

beneficiary 
information 

Use of pre-existing 
beneficiary 

information + 
community input 

Use of pre-existing 
beneficiary 

information + 
community input 

Use of pre-existing 
beneficiary 

information + 
community input 

Number of 
beneficiaries 150 150 900 900 1200 

Cost-Transfer 
ratio 1.78 1.71 0.63 4.383 1.13 

Non-transfer 
cost per 

household 
$122.97 $118.05 $43.38 $302.48 $91.53 

Program length 
(weeks) 10 10 5.3 5.3 17.32 

Factors 
influencing 

cost-efficiency 

- Staffing cost 
shared between 
Pilots 1 & 2 
- Small scale 

- Staffing 
cost shared 
between 
Pilots 1 & 2 
- Small scale 
- Wait period 
to receive 
data from 
government 

- Office/Admin set-
up benefit from 
Pilots 1 &2 

- Technology 
investment start-up 
costs 
- Office/Admin set-
up benefit from 
Pilots 1 & 2 
 

-Wait period to 
receive data from 
government 
-Wait period to sign 
agreement with 
implementing 
partner 

 
Community Time-Use 
Consistent with results from previous rounds of the cash R&D work, we find that our approach continues to 
perform well on the measure of community time spent on engaging with the IRC. Using the reported 
average monthly income in our communities (approx. $2.6/day), our back-of-the-envelope calculations 
suggest that our approach, including the post distribution survey, cost the community $1.24 per client in lost 
wages. However, given the difference in average monthly income for this area (Tharparkar) as compared to 
the previous district (Ghotki), we also calculate the figure using the official minimum wage for the Sindh 
province (approx. $5.7/day). This allows us to estimate efficiency gains in our engagement with the 
community. In Ghotki, it cost the community $5.95 per client in lost wages, whereas in Tharparkar, it cost 
the community $2.70. We expect that the scale of program (1200 beneficiaries vs. 900 in the Tharparkar 
project) is the main driving factor for the efficiency gain.   
 
Targeting Accuracy 
Three datasets inform our targeting accuracy work for this pilot. First, we did a census style survey of 7 
randomly selected villages from our project area. In these 7 villages, we exerted reasonable effort to 
ensure that all households were captured in our survey. We collected household level data for 744 
households. The survey instrument captured the following information: (i) basic demographics; (ii) three 
different food security indicators, and (iii) a series of questions on household vulnerability. This dataset 
serves two purposes: (i) it provides us detailed food security information on each household using three 
food security indicators, and (ii) it provides us household level information on additional vulnerability criteria 
that the IRC typically uses to target beneficiary households in the aftermath of a crisis. This database 
contains all the information necessary for us to establish the gold standard measure of food insecurity for 
each household. Second, we requested data from the government national socio-economic registry for the 
same 7 villages. In theory, this data should also comprehensively capture the households in these 7 
villages and includes a poverty score for each household. The government’s social protection system uses 
these poverty scores to select households into the social protection system. Finally, we have data on the 
households that were selected to be a part of the IRC’s cash transfer program- the resulting dataset is a 
combination of the field validated information on eligible households from the national social-economic 
registry and community input on the most vulnerable households in these 7 villages that were not included 
in the government social protection program.  
 
 
 
                                                        
3 We previously report a different cost-transfer ratio for pilot 3 which did not factor in the full technology related start-up costs. The data 
presented in the table 4 above factors in all costs associated with the technology platform. 

https://rescue.app.box.com/s/j4vb92u82engc0dg1qz4nwdulwgblo9p


 
Table 5: Datasets used to conduct targeting accuracy analysis   

 
We used the computerized national identity card (CNIC) number to merge the data from all three datasets. 
There is a 48% overlap between dataset 1 (generated by our census style survey) and dataset 2 (the 
national socio-economic registry). 355 households appear in both datasets. This overlap improves by 6% 
when we include the beneficiary households identified through community input in dataset 3, i.e. the 
community input adds households to dataset 3 that were not already present in the national socio-
economic registry. Assuming near comprehensive coverage of villages through the survey conducted by 
the IRC, this exercise suggests that the data present in the national socio-economic registry fails to capture 
the current composition of these villages. This is not a surprising finding since the information in this 
database is dated to the 2010-2011 data collection efforts by the government, but the scale of the 
discrepancy is significantly higher than what we expected. Given its static nature, the database fails to 
account for migration in and out of the village and changing household structures- deaths, split into multiple 
households, etc.  
 
We use the food security data in dataset 1 to place all households into three food security categories using 
pre-established standardized cut-off scores.4 We use this as our gold standard measure of the food 
security status of households and use it to determine targeting accuracy. We then define three scenarios 
for which we would like to measure targeting accuracy: (i) Scenario 1 – Use of field verified BISP data 
alone using the BISP cut off PMT score with no community input; (ii) Scenario 2 – Use of the IRC cash 
R&D program’s selection criteria using the BISP cut off PMT score and community input; (iii) Scenario 3 – 
Use of a selection criteria that the IRC typically uses for beneficiary selection when responding to various 
types of emergencies. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

                                                        
4 FANTA III Food and Nutrition Technical Assistance. 

  Dataset 1 Dataset 2 Dataset 3 

Source of Data 

Door to door census 
style household level 
survey 

National socio-
economic registry 

Field validated BISP 
beneficiary specific information 
from national socio-economic 
registry + community selection 
of most drought affected 
households 

Information contained 
in dataset 

-Demographics 
-Food security 
indicators 
-Additional vulnerability 
information 

-Household 
composition 
-Information on select 
poverty indicators 
-Poverty Score 

-Household composition 
-Information on select poverty 
indicators 
-Poverty Score 
-Mobile phone numbers 

https://www.fantaproject.org/research/comparing-household-food-consumption-indicators-acute-food-insecurity


 
Table 6: The Three Targeting Accuracy Scenarios 
 

Scenario Overlapping 
Sample Size 

Number of 
beneficiaries 
selected to 
participate in 
program 

Datasets necessary to 
calculate targeting accuracy 

Scenario 1: Performance of field verified 
BISP data alone (PMT score <=16.17) 355 (48%) 241 (68%) 

1.Dataset 1- data in national 
socio-economic registry 
2. Dataset 2- door to door 
household level data 
collection 

Scenario 2: Performance of IRC's Cash 
R&D Program (including selection using 
the national socio-economic registry and 
community input) 

400 (54%) 124 (31%) 

1.Dataset 1- data in national 
socio-economic registry 
2.Dataset 2- door to door 
household level data 
collection 
3.Dataset 3- community 
identified vulnerable 
households 

Scenario 3: Performance of a generic 
IRC program that requires door to door 
data collection and is based on a pre-
determined list of vulnerability criteria. 
The selection cut off score is set at a 
value that results in an equivalent 
number of beneficiaries to Scenario 2. 

744 (100%) 235 (31.59%) 

1.Dataset 2- door to door 
household level data 
collection 

 
For all three scenarios presented in Table 6 above, we determined which households would be selected to 
receive cash assistance from the IRC if the IRC used that specific targeting approach. We then compared 
this to the households’ food security status. The IRC census style survey was conducted post-harvest, an 
ideal time to measure food insecurity to identify the most vulnerable households. We would expect fewer 
people to be food insecure given the timing of the survey.  
 
For scenario 1, households that have a poverty score less than or equal to 16.17 are eligible to receive 
cash transfers as a part of the BISP. In our dataset of 355 households, 241 households (68.1%) would be 
eligible to be a part of the BISP. We think this high representation of BISP beneficiaries in the combined 
dataset may be because the data (particularly the CNIC) is more complete for those households who 
receive social protection support from the government. Since the CNIC is used to merge the datasets, this 
would explain the higher representation of BISP beneficiaries in the combined dataset. For scenario 2, out 
of a population of 400 households, the cash R&D program selects 124 households (31%) to receive cash 
assistance. For scenario 3, we artificially set the cut-off score to generate an equivalent percent of 
households as scenario 2 for the sake of comparison. This results in 235 households being selected to 
receive cash assistance. 
 
Food Security in our Target Area 
The low levels of overlap between our various datasets means that our overall sample size for this analysis 
for scenarios 1 & 2 is smaller than expected. Overall, we find that only between 0-4% of the population is 
identified as highly food insecure by the food security indicators. This figure is lower than we expected 
given the ongoing drought. An additional 8-35% of the population in our program area is borderline food 
insecure, depending on the specific food security measure we use to calculate food insecurity. We present 
the data below for all three sample sizes (355, 400 and 744) with corresponding information on food 
security as measured by the three different food security indicators. 
 
 
 
 
 
 
 
 
 
 
 
 



Table 7: Levels of Food Insecurity in Overall Population  
 

 

Scenario 1: BISP Data 
Alone (Sample Size = 355) 

Scenarios 2: BISP Data + 
Community Input (Sample 
Size = 400) 

Scenario 3: Generic IRC 
Program  
(Sample Size = 744) 

rCSI Categories Number Percentage Number Percentage Number Percentage 
Crisis 8 2% 9 2% 14 2% 

Stressed 126 35% 139 35% 243 33% 

None 221 62% 252 63% 487 65% 

FCS Categories 
    

  

Poor 14 4% 16 4% 31 4% 

Borderline 84 24% 95 24% 185 25% 

Acceptable 257 72% 289 72% 528 71% 

HHS Categories 
    

  

Severe 2 1% 2 1% 2 0% 

Moderate 42 12% 43 11% 62 8% 

Little 311 88% 355 89% 680 91% 
 
Given the low percentage of households that are highly food insecure in our population, for the targeting 
accuracy analysis, we use a generous definition of food insecurity, and include households that are either 
borderline or highly food insecure.   
Overall, we find the following: 
 

1. Scenario 1: Performance of BISP Data Alone – Although use of the BISP dataset and the 
government cut-off score of 16.17 performs well in identifying food insecure populations (between 
66-73% of the borderline or highly food insecure households are selected into the program), it has 
a very high level of inclusion error, i.e. just as many people are selected into the program who are 
food secure (between 65-68% of the food secure households are selected into the program). 

2. Scenario 2: Performance of IRC’s Cash R&D Program – This method does not perform well in 
identifying food insecure populations (between 27-43% of the borderline or highly food insecure 
are selected into the program). However, it does minimize the selection of food secure program 
participants (between 26-32% of the food secure households are selected into the program).  

3. Scenario 3: Performance of a generic IRC program that requires door to door data collection 
and is based on a pre-determined list of vulnerability criteria – This method successfully selects 
between 39-44% of the borderline and highly food insecure households We see some degree of 
inclusion error, but this is no different from or better than the other scenarios (between 28-32% of 
the food secure households are selected into the program). 
 

Table 7: Percentage of Food Insecure Households Selected by Any Given Scenario 
  

 

Percentage of Food 
Insecure Households 
Selected by Scenario 1 

Percentage of Food Insecure 
Households Selected by 
Scenario 2 

Percentage of Food 
Insecure Households 
Selected by Scenario 3 

rCSI Number Percentage Number Percentage Number Percentage 
Crisis + Stressed 97 72% 55 37% 113 44% 

FCS  
    

  

Poor + Borderline 72 73% 48 43% 92 42% 

HHS  
    

  

Severe + Moderate 29 66% 12 27% 25 39% 
 
 
 
 
 
 
 
 



 
User Experience 
We administered a user experience survey to beneficiaries (302) and non-beneficiaries (239) to determine 
their level of satisfaction with all aspects of the intervention and how it was delivered. Overall, we find that:   

x The vast majority of respondents (98%) who interacted with Sukaar foundation agree or strongly 
agree that the organization treated them with respect and dignity and 86% report that they trust the 
organization.  

x On a scale of strongly disagree to strongly agree, 88% of respondents agree or strongly agree that 
they are satisfied with the beneficiary selection process. 83% of respondents think the process 
was transparent, and 86% agree that it successfully selected the most food insecure. 

x 95% of respondent agree or strongly agree that cash assistance is the most appropriate support to 
help them meet their food security needs. Most of the respondents agreeing with this statement 
explain that it allows them to purchase food items in accordance with their needs and wants. 
Though only 3% of people disagreed with the statement, those who did disagree offered 
explanations of how cash could be spent on unnecessary things and gets used up very quickly. 

x 84% of respondents agree that cash assistance helps them address their more pressing needs, for 
example, medicines, education, other healthcare related expenses and food items. Those who 
disagreed with the statement, 12%, mostly offered explanations related to the cash assistance 
amount (insufficient when compared with needs) and not the actual response type. 

x 75% of respondents agree that it will enable them to better meet the needs of their family in the 
future. 

Experience with Mobile Money 
Overall, we find that beneficiaries report having a smooth cash out experience with an average travel time 
of 26 minutes and an average wait time at the agent’s shop of 12 minutes. The vast majority of 
beneficiaries are able to cash out on their first visit to the agent. Although, as we see in Figure 1, each 
cohort had 1-2% of beneficiaries who were not able to cash out until at least a month after receiving the 
text message. Through monitoring visits during the cash disbursement period, we know that there are 
several reasons why these beneficiaries are not able to cash out. These include: (i) liquidity issues at cash 
out point; (ii) deletion of text messages by recipients and subsequent delays in resending of new text 
messages by the telecommunications company; (iii) change in beneficiary mobile phone number between 
the time that the IRC collected the information and when the text message went out; (iv) incomplete 
messages from the mobile company which did not include PIN numbers. Table 3 below provides more 
detail on the mobile money experience of beneficiaries. Anecdotally and also through self-reported answers 
to our survey question, we see that irrespective of whether the beneficiary is male or female, a male 
household member goes to the agent’s shop to receive the cash transfer. Self-reported satisfaction with 
access to the agent’s shop and the payment process in general support the overall findings – 92% of 
beneficiaries agree or strongly agree that they had easy access to the agent’s shop, as do 98% of 
beneficiaries for the overall payment process. 
 
Table 3: Experience with Mobile Money 
 

 
 
 
 
 
 

 
 

 
 
 
 

 
 
 
 
 
 

Transport expense incurred for cash withdrawal 

$       0.48 
Average travel time to agent for cash withdrawal 
(minutes) 

26 
Average wait time at agent shop for cash 
withdrawal (minutes) 

12 
Number of conflicts reported at agent shop 0 
% of beneficiaries that cashed out at first visit 99.32 
% of beneficiaries that experienced any security 
issues during cash withdrawal 

0 



CONCLUSION 
 
The results from our recent work, applying our new operational model for cash assistance to a drought 
emergency in Pakistan, suggest that our model performs well on measures of speed, cost-efficiency and 
user-experience. However, the staggered approach of delivering cash assistance presents a clear trade-off 
between reaching some percent of the households faster vs. an increase in the overall administrative 
burden and delay in reaching 100% of the target population. One possibility here could be to revise our 
staffing structure to cater to the staggered approach so as to avoid the same staff member playing multiple 
roles at one point in time. This will necessarily have implications for cost-efficiency, though the direction of 
this change is unclear. On the one hand, additional staff for the same case load could decrease cost-
efficiency. On the other hand, a reduction in the overall time to delivery could reduce the amount of time 
any given staff member is hired for and therefore improve (or hold constant) cost-efficiency. Technology to 
standardize and streamline the process could be another potential solution. 
 
Similar to our experience in the first three pilots, we find that digital payments (in this case, mobile money) 
is an appropriate and efficient method to make cash disbursements even in more remote areas of Pakistan, 
like the Tharparkar district. We see some liquidity and other technology related constraints that affect a 
small percent of our beneficiary population, but overall it appears that the benefits of digital payments 
outweigh the costs in our experience. Continued collaboration with our digital payments provider, Telenor, 
should allow us to address the remaining constraints if we continue to use mobile money for cash 
disbursements. 
 
Our targeting accuracy results, particularly the scale of discrepancy between the information contained in 
the national socio-economic registry and the reality on the ground for any given union council is worrying. 
From our previous pilots, we had some rough estimates of the discrepancy between the presence of BISP 
beneficiary data in the national socio-economic registry and their actual presence in a given village, 
however, Pilot 4 was the first time we conducted a census style survey to capture the present composition 
of the village as a whole (not just beneficiaries) and how well it is represented in the national socio-
economic registry. This discrepancy does not necessarily mean that the information in the national socio-
economic registry is incorrect, it could also be a limitation of the fact that the IRC is requesting data on a 
very concentrated geographical unit for any given cash assistance program. This would lead us to the 
conclusion that the people we have data for once resided in the union council that we are targeting, but 
have since relocated to a different union council and therefore can’t be found during our field verification 
process. This confirms the need for the field verification step, but perhaps also leads to the conclusion that 
the use of the data from the national socio-economic registry will only allow us to reach a certain percent of 
the population unless the registry is made more dynamic or updated more frequently. We also see very 
high levels of inclusion error with the BISP targeting method. This suggests that although the information in 
the national socio-economic registry allows us to reach some percent of the population faster, it has serious 
implications for cost-effectiveness since it includes a relatively high percent of the population that is food 
secure. In situations where blanket targeting is optimal, for example, when all residents in a given village 
are affected by a flood or an earthquake, we expect that using the data from the national socio-economic 
registry would yield good results.  
 
Both the targeting approach that the cash R&D program utilizes for Pilot 4 and IRC’s traditional method of 
targeting perform more or less the same in terms of targeting accuracy. The traditional method performs 
better for the more conservative food security measure, the household hunger scale. Given the similar 
performance and the time intensive and costly nature of door to door data collection required for the 
traditional method, we would need to conduct further costing analysis to determine whether the precision 
gain in targeting accuracy is worth the additional cost.   
 
 
 
 
 
 
 
 
 
 
 
 



FUTURE RESEARCH 
 
Based on our learning from the four cash research and development pilots, we think research on the 
following topics will help us achieve further operational efficiency in cash assistance delivery. 

x Investigating staffing structure alterations to improve time to delivery and efficiency when using a 
rolling-payments approach 

x Testing in alternative crisis contexts 
x Investigating improvements in targeting accuracy if traditional targeting criteria (family composition, 

disability, etc.) are included in the BISP database  
x Investigating improvements in mobile money cash out experience by addressing identified issues, 

such as liquidity constraints 
x Exploring the potential of mobile wallets (as opposed to OTC) and the implications of the different 

modalities for financial inclusion 
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